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Nowadays, a number of document clustering algorithms are available with number of 
benefits and trade-offs. The proposed in this article algorithm is an attempt to provide a 
compromise between quality and complexity, while remaining independent of the language. It 
uses keyword-based dimensionality reduction technique to create an input space, and then 
applies Self-Organizing Map for clustering and visualization. 

Keywords: Self-Organizing Map, dimensionality reduction, document categorization, 
clustering, data visualization. 
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